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PoGoua nporpama HaBuansHol aucuumiinm (cunabyc) «IntenextyanbHuil ananis
NaHHX» NIArOTOBKH 3100YBA4iB OCBITHLOrO CTyNeHs «BakanaBp» 3a cneuiadbHICTIO
126 «Indopmauiiini CHCTEMH Ta TEXHOJION», OcBiTHS nporpama «Web-Texuosorii,
Web-misaiin» — 13 cTop.

PoGoua mporpamMa HaBYanbHOU AWCUMINiHK (cunabyc) cknageHHit Ha OCHOBI
NPOrpaMH HABYANBLHOI AMCLHNNIHH «IHTeNeKTYanbHHN aHali3 JaHHX».

Po3po0dnuk:
JlaBnanceka O. B.. K.1.H., JouenT kadeapu indopMmatiiinux TeXHo 0T NpoeKTyBaHHS

(npiasiwe Ta iRiwiam, jayk, er., waene 3w, nocaaa HITT kadeapi, wo pospoGin ciabyc)

PoGoua nporpama HaByanbHOT AHCLMIUTIHN (cHnabyc) 3aTBep/UKEHA Ha 3aciiaHHi

Kageapu 1HQOpMALIHHHX TEXHOOr1iT NPOEKTY BAHHS
(HatiMeHyBaHHA Kadeapu)

ITporokon Ne < Bin«__ 74 »__ 029 20 £ p.

O6roBopeHO Ta PeKOMEHI0BAHO N0 3aTBEPKEHHA METOAMUYHOK KOMICi€l (hakyabTeTy
1HhOpMaLIIHKX TEXHOJIOTIH 1| cHCTEeM
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1 IHOOPMALSA ITPO BUKJIATAYA

[Ipi3Buie, M9, I10

0aThKOBI

JlaBnanceka Onbra B’guecnaBsiBHa

HaykoBuii cTyniHb

KaHnauaar TEXHIYHUX HaYK

HayxoBe 3BaHHs

[Tocana noueHT Kadeapu iHGOpMaLIHHUX TEXHOTIOT1H
POEKTYBaHHS

Micue po6oTu Yepkacbkuil ep>kaBHUN TEXHOJIOTIYHUHN YHIBEPCHUTET,
Kadenpa iHpopMamiiiHux TEXHOJIOT1M IPOCKTYBaHHS

Anpeca kadenpu k.603, Oyi. IlleBuenka, 460, m. YUepkacu, 18006

KonrtakTHuii Tenedon

+38 099 648 75 66

[Ipodaiin BukIanaya

https://itp.chdtu.edu.ua/staff/lavdanska-olga-
vyacheslavivna/

e-mail

yegorovaov@gmail.com

[Ipodaiin qucuumiIinu

http://fitis.moodle.chdtu.edu.ua/course/view.php?id=536

Po3kiian KoHCyIbTalii

mononeiiaka, 11.00-12.00, a. 603-1

2 OMNC HABYAJILHOI TUCIUATIITHA

Hasuannhe
["anry3p 3HaHB, HaBaHTaKEHHS 3
CIIELIaJIbHICTh, OCBITHSA 3aranbHi JUCHHUILIIHA
mporpama, OCBITHIH XapaKTCPUCTHKHU JI€EHHA 3a09Ha
PIBEHb dbopma dbopma
HaBYaHHSA | HaBYaHHSI
Tanvso snans Kypc miarorosku
12 «Iadopmariitai Bubipkosa 4 -
TEXHOJIOT1I»
Cneyianvricms 3araibHa KULKICTS 4 CemecTp miATrOTOBKH
kpeautiB EKTC
126 <<IH(1)0pMaHiPVIHi_ 3aranpHa KiTbKICTB 120 . )
CUCTCMHU Ta TCXHOJIOI'1D) | TOOAUH
: KinbkicTh aynuTopHuX Jlexmii
Ocesimus npocpama 16
TOJIVH 16 rog. ’ -
«Web-texHoxorii, KinbKicTh TouH 39 [TpakTuuHi, ceMiHaApChKi
Web-nu3aiiny caMOCTiiHOT po60TH - -

Oceimniu picens

OakanaBpChKUMA

JlabopatopHi

32 ron.

CamocriitHa poboTa

MoBa HaB4YaHHS — YKpaiHChKa 72 rog. ’ -

dopmMa M1CyMKOBOTO
KOHTPOJIIO

31K



https://itp.chdtu.edu.ua/staff/lavdanska-olga-vyacheslavivna/
https://itp.chdtu.edu.ua/staff/lavdanska-olga-vyacheslavivna/
mailto:yegorovaov@gmail.com

3 META 1 3ABJAHHSI HABUAJILHOI TUCLUTIJITHA

MeTta BUKJIAJaHHA TeopeTnuHa Ta MpakTHYHA MIArOTOBKa  3700yBadiB

AUCHUILTIHA OCBITHBOTO piBHS OakanaBpa Yy HampsSMKy pO3B’s3aHHS
3aa4  OOpoOKM  BENMKUX  MacuBiB  1H(opmaIrii,
IPOCKTYBaHHS iH(opMaltiitHoro 3a0€e3IeueHHsI

IHCI)OpMaI_III/IHI/IX CUCTEM Ta p03p061<1/1 CIICHAp1iB MOJIMBHUX
il B yMOBax HEBU3HAYEHOCTI 3 BUKOPHCTAHHSIM
1HTEJIEKTYJIbHUX METOIB O0UYHCIICHb.

3aBaaHHs BUBYeHHs | 3a0e3MeUnTH  PO3YMIHHS 1 3aCBOEHHA  3700yBadyaMu
AUCHMILTIHU OCBITHBOTO PiBHS OakallaBpa TEXHOJIOTIN 1HTEIEKTYaIbHOTO
aHamizy JaHuX, MATOTYBaTH 10 ix BHOOpY, peamizamii i
BUKOPDUCTaHHS @pU BHUpPILIEHHI MPUKIAJAHUX  3ajad,
O3HAallOMUTH 31 CTaHOM Ta NEPCIEKTUBAMH PO3BUTKY
IHTEJIEKTYaJIbHUX METO/1B OOYHCIIEHb SIK OJIHOTO 3 HalpsMiB
IITYYHOT'O 1HTEJIEKTY.

4 PE3YJbTATHU HABYAHHA

o/ Pe3ynbraTi HaB4YaHHSA

1 |IIP 6. [IeMoHCTpyBaTu 3HaHHS Cy4aCHOTO PIBHS TEXHOJIOTiH 1H(QOpMaIIHHUX
CUCTEM, IPAKTUYIHI HABUYKH NIPOTPAMYBaHHS Ta BUKOPUCTAHHS MPUKIIATHUX 1
CHEI1aTi30BaHUX KOMIT IOTEPHUX CHCTEM Ta CEpPEAOBHIN 3 METOK iX
3anpoBaKEHHs Y npodeciiHiil TisIbHOCTI.

2 |IIP 4. OOrpyHroByBaTH BHOIp TEXHIYHOI CTPYKTypH Ta pO3pOOIATH
BIIMOBIHE  MpOrpaMHe  3a0e3MEeYeHHs, 10 BXOAUTh JI0  CKJIady
1H(OpMAIIHHUX CUCTEM Ta TEXHOJIOT1i.

w

JleMoHCTpYBaTH 3HAHHS METOJIIB Ta TexHoJorii Data Mining.

4 | leMOHCTpYBaTu 3AaTHICTh PO3POOKU AJITOPUTMIB IHTEIEKTYaIHbHOTO aHATI3y
JTAHUX.

5 | leMOHCTpYBaTH 3JaTHICTb PO3POOKH 1HTENEKTyaJIbHUX MIJCUCTEM B CKJIajl
WeD-opieHTOBAaHUX CHCTEM.

S ITPEPEKBI3UTHU

«Buma wmarematuka», «Teopis KWMOBIPHOCTI Ta MaTeéMaTHYHa CTaTUCTUKAY,
«AnropuTMizalis Ta HporpamyBaHHsS», «ba3sum maHuMX Ta 3HaHBY, «ApXITEKTypa
1H(OpMAIIHUX CUCTEM 1 TEXHOJIOTII.

6 IIOCTPEKBI3UTHU

«besneka iHMOpMAIIiHUX 1 KOMYHIKalIMHUX cucteM», «lIpodeciiinuit
PAKTUKYM.



7 IPOT'PAMA HABYAJIBHOI JUCHUTLJIIHUA

3microBuii MmoayJb Nel
Memoou inmenekmyanvpHo2o ananizy OaHux

Tema 1. OcHoBHi nousaTTss Data Mining.

[onstrs manux. OcobmmBocTti 06poOku manux. Tumm nanux. 3agadi Data Mining.
Etanu Data Mining. Mogeni Data Mining. Meroau Data Mining. Ctannaptu Data
Mining. Iactpymentu Data Mining.

Tema 2. IIpenpouecinr ingopmaiiii.

Hopmanizamis 1 craHmapTuzaiis BUXIJHUX 3HA4€Hb. AHAIITHKO-CBPUCTHUYHI
QJITOPUTMU BU3HAYCHHS 1HQOPMATUBHUX O3HAK. AJITOPUTM «BHOLIIOBAHHS» BXOJIIB.
HefipomepeskeBe BU3HaUCHHs 3HaUyIMX (hakTopiB. Meroamka «box-counting.

Tema 3. Kopeasimiiinuii i perpeciiHnii aHaJIi3.

[TousTTs 3B’s13ky Mk BennuuHamu. KopensuiHuil aHami3. 3arajibHi MOJIOKEHHS
perpeciiiHoro anamizy. Meron HaliMeHmmMx KBajpaTiB. [lapHa miHiliHa perpecis.
MHoxuHHa JiHIAHA perpecia. TecTyBaHHS 1 YCYHEHHS MYJbTUKOJIIHEAPHOCTI.
TecTyBaHHS 1 YCYHEHHS T€TE€POCKETACTHYHOCTI. ABTOKOpENSALIA: NPUYUHH 1
HacJiIku. MHOXKMHHA HeJliHIMHa perpecis. AiroputM bpanoHa.

Tema 4. Meroau kiaacugikairii.

[TocTanoBka 3amaui kinacudikamii ganux. [IpaBuna kinacudikarii. Meroan noOymaoBu
npaBui kiacudikamii. TouHicTh Kiacudikalii: oIiHKa piBHS MOMUJIOK. Anropum 1-
rule. HaiBumii GaeciBcbkuii kimacudikarop. Ilonstrs nepeBa pimieHb. Metojauka
«po3ainsi Ta Bomonaproiy. AnroputM ID3. Anroputm C4.5. Anroputm CART.
Meroa onmopHuX BEKTOpiB. MeTOl «HalOIMKUOTO CycCiia». 3aCTOCYBAaHHS MITYYHUX
HEUPOHHUX Mepex JJis Kiacudikairii.

Tema 5. Jliniiinumili auckpumiHaHTHUM aHadi3. IloOynoBa KaHOHIYHMX Ta
KJIacu@pikaniiaux GyHKuin.

OCHOBHI MOHATTA TUCKPUMIHAHTHOTO aHani3y. KaHOHIYHI JUCKPUMIHAHTHI (DYHKIIII.
Knacudikamiitai @ynkiii. BpaxyBanus anpiopHux iMoBipHocTeit. Kinacudikarris 3a
JIOTIOMOTOI0 KaHOHIYHUX JUCKpUMiHAaHTHUX GyHKIiH. Knacudikamiina matpuiii.
OOGrpyHTYBaHHS 3a JOIIOMOTOI0 PO30UTTS BUOIPKHU.

Tema 6. Knacrepuuii anaJi3. lepapxiuna Ta cekuiiiHa KiacTepu3auii.

[TocTanoBka 3amaul kjaacrtepu3saiii. MeTpuku BU3HAYEHHS BIJCTaHI MK 00’ €KTaMH.
lepapxiuHi arjaoMepaTUBHI METOAW KiacTepu3auli. lepapxiuHi IHUBI3UMHI METOIU
Kiactepu3anii. Heiepapxiuni metoau kiactepusailii: npouenypa Mak-Kuna, meton
K-cepenHix, citTyacti MeTomu KiacTepusallii, airoputMm fuzzy c-means, aJroputm
['toctadcona-Kecems.

Tema 7. Ilomyk aconiaTUBHUX NPABUJL.

[locranoBka 3afaudi MOUIYKY acolliaTMBHUX mpaBuwi. CekBeHUIMHUN aHami3.
PiznoBuaM 3amau momryky acomiaTuBHUX mpaBui. Merton Apriori. [Tobynoa FP-
JIEpeB MOIITyKy MIa0JIoHIB gaHuX. Min-max acoraiii y 6a3zax manmx. [loOymoBa
hash-nepes.

Tema 8. CraTtucruuna 00po0dka 4acoOBHMX PSAAIB | IPOrHO3YBAHHS.

AHaJi3 4JacoBux psAiB 3 jgonoMorow Python. ExcrioHeHmiaiibHE 3TiaKyBaHHS.
Mogenr XonbTa-BinTepca. Kpoc-Bamigaiisi Ha 4acoBux psnpax. JIiHIAHI Ta




HEJIHIWHI MOJIeJTi Ha YacoBUX psaax. Bunydenns o3nak. Anroputm XGBoost.

3micToBuii MoayJab Ne2
3acmocyeanns iHmenekmyaibHux mexHoa02iu

Tema 1. Bisyaaizauisa nanmx.

ITocranoBka 3amaui Bizyamizalli faHux. ETanu Bi3yajapHOTrO aHai3y JaHuX. MeToau
rCOMETPUYHUX NEepeTBOpPeHb. MeToIu, OpieHTOBaHI Ha mikceni. lepapxiuni obpasmu.
OLAP-anami3. 3aco0u Bizyanizallii JaHUX, IPU3HAYCH] JIJIs OLIIHKH SKOCT1 MOJIETIeH:
MaTpuld Kiacudikarii, JiarpaMa po3cCitoBaHHsI, PETPONPOTHO3, IpadiKu KOHTPOJIIO
IpOIECY HaBYaHHSI.

Tema 2. AnaJi3 TekcToBoi iHpopmaiii Text Mining.

[locranoBka 3amaui aHamizy TeKcToBoi iH(popmarii. Etanm anamizy  TEKCTIB.
JloOyBaHHSI KIIOYOBHUX TOHATH 13 TekcTy. Kiacu@ikariisi TEeKCTOBUX JTOKYMEHTIB.
Metoau knacTepuzaiii TEKCTOBHUX JOKYMEHTIB. AHOTYBAaHHS TEKCTIB. 3acoOu
aHaJi3y TEeKCTOBOI 1HpopMmariii.

Tema 3. O0po0ka NpUPOIHOI MOBH.

XwMmapu ciiB. N-rpamHui mojeni MoBH. ['pamaTtuku. Pemapka: MeTo1 CeMITTIOBaHHS 110
['160cy. TematnuHe MOJCIIOBAHHS.

Tema 4. lodyBanns 3uanb i3 Web — Web Mining.

OcHoBH1 noHsATTE Web Mining. Meroau noOyBaHHsT web-koHTeHTY. JloOyBaHHA
web-ctpyktyp. JlocmikKeHHsT BUKOPHUCTaHHS Web-pecypciB. AHami3 ComalbHUX
MEPEK.

Tema 5. 3aco0u ananizy npoueciB Process Mining.

ABTOMaTH3aIlil BUKOHAHHS Oi13HECIB-TIpoIeciB. TEXHOJOTiS aHaji3y IMpOIECIB.
Meroau Process Mining. bibmioreka anroputMmiB Process Mining — ProM.

Tema 6. Po3nmogisiennii anaJii3z jaHux.

Cucremr MOOITBHUX areHTiB. BUKOpUCTaHHS MOOUIBHMX areHTIB I aHali3y
nanux. I[loOynoB cucteMm aHalizy po3MOAIICHUX JaHuX. Po3mofisgeHi oOuucaeHHs
MapReduce.

Tema 7. PekxoMenganiiii cucTeMHu.

HeaBromatuune kyparopctBo. Pexomenmaiiss momynspaux tem. KomaGopatuBHa
¢inpTpaiiss Ha OCHOBI KopucTyBaua. KomaGopatuBHa ¢inbTpallii Ha OCHOBI
101I0HOCTI IPEJIMETIB

8 TEMATHYHUN IVIAH HABYAJIBHOI JIJUCHUATLJITHA

@dopmu opranizailii HaBuUaHHS, KIJTbKICTh TOAMH

Henna dhopma 3aouna dhopma
i= s = < iTepar
Ne . g = & = Jlireparypa,
Hassa monymis 1 Tem = S E| =g B S E| = g | inpopmaniini
TEMU = 5 o SR = 5 o B ©
£ 28| 28| B | £8| g¢| pecypon
Sl eal 2 B | gal z&
< <
= @) = @)
3micToBuii Moaysib Ne 1. Memoou inmenekmyaibHo2o ananizy 0anux
OcHogHi nousarts Data
1 - 1 0 4 1,2
Mining




[Tpenporiecinr

2 . 1 4 4 2,3
iH(opmartii

3 | Kopemiwidnuii1 1 | 4 | 4 13
perpeciiHuii aHai3

4 Mertonu knacudikaiii 1 4 4 2,4
JliniviHnit
JTUCKPUMIHAHTHUN

5 aHais. [ToOynoBa 1 0 5 46
KaHOHIYHHX Ta
KiacudikamifHux
byHKIII
Knacrepuuii anamis.

6 | lepapxiuHa Ta cekiiiiHa 1 4 5) 1,3
KJIaCTEepHU3allii.

7 [Tomyk  acoumiaTMBHUX 1 0 5 23
paBUII
Cratuctuuna o0OpoOka

8 YacOBUX pAniB 1 1 0 5 34
IPOTHO3YBaHHS

3micToBuii MOaYJIb Ne 2. 3acmocysants iHmeneKmyaibHux mexHon02iu

9 Bizyaumizaitis taHux 1 0 5 1,4
AHai3 TeKCTOBOL

10 iHopmarii Text Mining 1 4 S 3.4

11 O06pobKa mpupoIHOT 1 4 5 3.4
MOBH
JoOyBaHHs 3HaHB 13

12 Web — Web Mining 1 4 > 13
3acobu aHami3zy

13 | opoueciB Process 2 4 5 1,3
Mining

14 Posnoainenuii anamns 1 0 5 3.4
JTAHHUX

15 Pexomenpamiiiai 1 0 6 3.4
CUCTEMH
Pa3zom 16 32 72

9 JABOPATOPHI POBOTH
0 . KinekicTs rogua
Hazsa mabopatopnoi pobotu
3/m Jlenna 3ao4Ha

1 | [Ipenporecinr indopmarrii 4

2 | Perpeciitamii anami3 4

3 | Meroau knacudikarii 4

4 | MeTtonm KiacTepu3aii 4

5 | Metonu noOynoBH €peB PillicHb 4

6 | MeTonu moOyJ0BH acOIiaTHBHUX MTPABUI 4

7/ | Bizyamizariis qaHux 4

8 | O6pobka mpupoIHOT MOBHU 4




METOAUYHE 3ABE3INEYEHHA

MetoauuHi peKOMeH Al 0 1abopaTOpHUX POOIT
https://drive.google.com/open?id=1-uKg5h amO6w4yLyaek VeeCOfwjWCdy

10 CAMOCTIHHA POBOTA

10.1 Pekomenaanii 10 caMoCTiiiHOI po00oTH 3100yBa4iB BHILOI OCBITH JEHHOI
¢dopmMu HaBYAHHSL.

METOAUYHE 3ABE3INEYEHHA

MeTtoauuHi pekoMeHalli 10 CaMOCTIHHOT poOOTH
https://drive.google.com/open?id=1NYJRgDYWThEIsj4T6tumb7YLNjN3johY

11 CUCTEMA OUIHIOBAHHA HABYAJIBHUX JTOCATI'HEHD
11.1 METOJIHU KOHTPOJIIO

B opranizaiii HaBYaJBHOIO MPOLIECY 3aCTOCOBYIOTHCS KOHTPOJIBbHI 3aX0IU Y
(dopMi BX1IHOTO, TOTOYHOTO, MOAYJIBHOTO, PEUTUHIOBOTO 1 MIJCYMKOBOTO KOHTPOJIIO.

Bxionuii konmpons TPOBOIUTHCS TEPE] BUBUYECHHSIM HOBOTO KypCY 3 METOIO
BU3HAYECHHS PIBHSA MIATOTOBKM 3700yBayiB BHINOI OCBITH 3 JAUCHMIUIIH, SKi
3a0e3neuyroTh 11ei Kypc. 3a pe3yJabTaTaMy BX1THOTO KOHTPOJIO PO3POOISIOTHCS 3aX0 11
3 HaJaHHS I1HJUBIAYyaJIbHOI JOMOMOTHM 3100yBadyaM BHIIOI OCBITH, KOPUTYBAHHS
HABYAJIBHOTO MPOIIECY 3 BIAMOBIAHOTO KYpCY.

Ilomounuii xonmponv 3OIACHIOETBCS TiJ dYac TMPOBEJICHHS JICKIIM Ta
1abOpaTOPHUX 3aHATh 1 Ma€ Ha METI TMEPeBIPKY PIiBHS MIATOTOBIEHOCTI 3700yBaya
BUIIOi OCBITH JI0 BAKOHAHHS KOHKPETHUX BUIIB HABYAIBHOT A1STTLHOCTI.

Mooyabruti KoHmpoas YCHIIHOCTI 3400yBayiB BUILOI OCBITH 3I1MCHIOETHCS IS
MEPEBIPKU PIBHS 3aCBOEHHS HABYAJIBLHOI'O MaTepially B KiHI[l KOXXHOTO HaBYaJbHOIO
MOAYJIS.

Petimuneosuti konmpons € THCTPYMEHTOM KOMIUIEKCHOTO OI[IHIOBAHHS SIKOCTI
HaBYaJbHOI POOOTH 3700yBaya BHILOI OCBITU 3 yCIX KPEAUTHUX MOJYJIIB HA MEBHOMY
eTani HaBYaHHS. PEWTHHrOBUI KOHTPOJIb YCHIIIHOCTI 3A00yBadiB BHIIOI OCBITH
POBOJMTHCS HA 8-9 HaBYAIBbHUX THKHSX.

Cemecmposuti KOHmpoib 3 JUCHUINIIHA  TPOBOJIUTHCS  BIAMOBIIHO  J0
HABYAJIBHOTO TUIAHY Y BUTJISAL 3a1iKy B TEPMiHH, BCTAHOBJICHI TpadikoM HaBYAIHHOTO
nmpolecy, Ta B 00CsI31 HaBYAIBHOTO Martepiainy, BU3HAYEHOMY pPOOOUYOI0 MPOrpamoro
IUCIIUILTIHHA.

3anix — 11€ BUJ MiICYMKOBOTO KOHTPOJTIO, 32 SIKOTO 3aCBOEHHS 3100yBa4YeM BUIIIO]
OCBITM HABYAJIILHOTO MaTepiany 3 IUCUUIUIIHM OLIHIOETHCS Ha IMIJICTAaBl PE3yibTaTiB
MOTOYHOT'0, MPOMI)KHOT'O KOHTPOJIIB (TECTYyBaHHSI, IOTOYHOTO ONMUTYBAaHHS, BUKOHAHHS
1HIVBIAyaJIbHUX 3aBJIaHb Ta IEBHUX BUJIB POOIT HA JAOOPATOPHUX 3aHATTAX) MPOTITOM
CEMECTPY 1 MOAYJIBHOTO KOHTPOJIIO.



11.2 IMTAHHA 10 3AJIIKY
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[Tonsarts nanux. OcoOauBOCTI 0OPOOKH JaHUX

Ty nagux

3anaui Data Mining

Eranu Data Mining. Mogaeni Data Mining

Mertoau Data Mining

Crangaptu Data Mining

[actpymentu Data Mining

Hopmamnizatis 1 cTangapTusaiiisi BUXiIHUX 3HAYEHb
AHaTITUKO-eBPUCTUYH] aITOPUTMH BU3HAYCHHS 1H()OPMATUBHUX O3HAK
ANTOpPUTM «BUOUTIOBAHHS» BXO/IIB

HeiipomeperxeBe Bu3HaUeHHs 3Hauymux (hakropiB. Meronuka «box-counting»
[TonsiTTs 3B’ 513Ky Mk BennuuHamu. Kopensuiinuii aHanmis
3aranpH1 MOJIOKEHHS PETPECIHHOTO aHATI3y

Merton HallMEHIIIMX KBaJIpaTiB

[Tapna miniitHa perpecis

MHoX1HHa JIiHIiHA perpecis

TecTyBaHHS 1 yCYHEHHSI MYJIbTUKOJIIHEAPHOCTI

TectyBaHHS 1 yCYHEHHSI T€TEPOCKEAACTUYHOCTI
ABTOKOpENALis: MPUUMHU 1 HACTIIKH

MHOX1HHA HEeJlHIIHA perpecis

Anroputm bpannona

[TocTranoBka 3aiadi kinacudikaiii JaHuX

[IpaBuna knacudikamii. Metoau noOya0BU NpaBuil Kiiacu(ikaiii
TouHicTh KiTacu}ikallii: OLIHKA PIBHSA TOMUIOK

Aunropum 1-rule

HaiBauit 6aeciBchkuii Kitacudikatop

[TonsTTs NepeBa pimeHb. MeToauka «po3UIsail Ta BOJIOAAPIOD»
Anroputm ID3

Anroputm C4.5

Anroputm CART

Metoa onopHUX BEKTOPIB

Meton «HalOIMXIOro Cyciiay

3acTocyBaHHA IUTYYHUX HEMPOHHUX MEPEXK ISl Kiacugikarlii
OCHOBHI OHATTS AUCKPUMIHAHTHOTO aHANI3y

KaHOHIYHI JUCKPUMIHAHTHI (PYHKIIIT

Knacudikamiitai pyHkii

Krnacudikarist 3a 7011OMOror0 KaHOHIYHUX JTUCKPUMIHAHTHUX (PYHKI1HA
Knacudikauiitna matpuii

ITocTtanoBKa 3a7a4i KIacTepu3arii

MeTpuky BU3HAYCHHS BIJICTaHI MK 00’ €KTaMH

[epapxiuHi arioMepaTUBHI METOAM KiacTepu3arlii

[epapxiuHi TUBI3UMHI METOIH KJIacTepu3arlii

[Ipouenypa Mak-Kuna
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Merton k-cepennix

CityacTi METOM KIIacTepU3allii

Anroput™m fuzzy c-means

Anroput™m ['octadcona-Kecemmns

[TocTanoBka 3a/1a4i MOMIYKY acOLIaTUBHUX MPABUI
CexBeHIIIHMN aHaTi3

Pi3HOBHIM 33124 MOTYKY acOI[IaTUBHUX MPABHII
Merton Apriori. [ToGynoBa FP-nepe nomryky 1ma6ioHIB JaHUX
Min-max acorriariii y 6a3ax JaHux

[ToGynoBa hash-nepes

AHaJti3 4acoBUX PsAIB 3 joroMororw Python
ExcrioneHmianbHe 3riaaKyBaHHs

Mogens Xonbra-Bintepca

Kpoc-Banminaiiss Ha 4acoBuX psax

JIiH1liHI Ta HEeNIHIIHI MOJENl Ha YacoBUX psiaax. BuirydeHHs 03HAK. AJITOpUTM
XGBoost

IToctanoBka 3aiadi Bizyasizallii JaHUX

ETanu Bi3yanbHOTO aHami3y JaHHUX

MeToau reoMeTpUIHUX MEPETBOPEHD

Meroau, OpiEHTOBAHI HA MIKCENI

Iepapxiuni o06pazu. OLAP-anamni3

3acobu Bizyamizallii JaHWUX, MPU3HAYCHI VI OIIIHKH SIKOCTI MOJIEeH: MaTpHIls
kinacu@ikailli, iarpama poO3CIIOBaHHS, PETPONPOTrHO3, Tpadiku KOHTPOIIO
npoliecy HaBYaHHS

[TocTanoBka 3aa4i aHajizy TEKCTOBO1 iH(OpMaIlii
Etanu anamizy TekcTtiB

JloOyBaHHS KIIFOUOBHX MOHSTH 13 TEKCTY

Krnacudikarist TEKCTOBUX JOKYMEHTIB

Metonu kiactepusaiii TEKCTOBUX JOKYMEHTIB
AHOTYBaHHS TEKCTIB

3aco0u aHani3y TEeKCTOBOI iHpOopMaIii

XMapu ciiB

N-rpamsi Mojiesi MOBU

['pamaTuku

Pemapka: meton cemruttoBanss no ['160cy

TemaTnyHe MOJIEIIFOBAHHS

OcnogHi oHsTTss Web Mining

MeTtoau 100yBaHHS Web-KOHTEHTY

JoOyBaHHsS web-CTpyKTyp

JlocipkeHHs BAKOPUCTaHHSL web-pecypciB

AHani3 coniagbHUX MEpEeK

ABTOMAaTH3aIlisl BAKOHAHHS O13HECIB-TIPOIIECIB
Texnosoris aHanmzy nporeciB. Meroau Process Mining
bibmioTeka anroputmiB Process Mining — ProM
CucteMu MOOITBHUX areHTIB



86. BukopuctanHs MOOIIRHUX areHTIB IJIs aHaJi3y JaHUX

87. IloOynoB cuctem aHami3zy po3MOIITICHUX JaHUX

88. Posmnonineni obunciaenns MapReduce

89. HeaBTromaTtuuHe KypaTOpPCTBO

90. Pexomenparlist mOMyasipHUX TEM

91. KonabopatuBHa ¢iiabTpallis Ha OCHOBI KOPUCTyBaya

92. KomabopatvBHa (inbTpallis HA OCHOBI TTOIIOHOCTI IPEIMETIB

11.3 KPUTEPII OLIIHIOBAHHSI

JIEHHA ®OPMA

Juis1 3100yBaviB 1eHHOI GOpMHU HABYAHHS

KinpkicTh
Bua nHaBuanbHO1 poOOTH OaiB
MAKCUMyM
Hocmiuna wacmuna
3MICTOBWI MOJYJIb Ne 1
«MeTou IHTENEeKTYaJIbHOTO aHai3y Aanux» — 60 roaux
3axuct nabopatopHoi podotu Ne 1 10
3axuct nabopatopHoi podoTu Ne 2 10
3axuct nabopatopHoi pobotu Ne 3 10
3axuct 1adbopaTopHoi podotu Ne 4 10
MonynpHa KOHTpOJbHA poboTa Ne | 10
Bcvoeo 3a smicmosum mooynem Ne 1 50
3MICTOBWH MOJIYJIb Ne 2
«3acTocyBaHHS IHTEIEKTYAJIbHUX TEXHOJOT1H» — 60 roauH
3axuct nabopatopHoi pobotu Ne 5 10
3axuct nabopatopHoi pobotu Ne 6 10
3axuct nabopatopHoi podbotu Ne 7 10
3axuct nabopaTopHoi poootu Ne 8 10
MoaynpHa KOHTpOJbHA poboTa No 2 10
Bcevozeo 3a 3smicmosum moodynem Ne 2 50
ooamkosa uacmuna
[TigroToBka Ta 3axucT pedepaTy 3a IHIUBIAYaTHHOIO TEMOIO 20
Yyactb y JIHSIX CTYI€HTChKOI HAYKH 20
YyacTh y HayKOBI KOH(PEPEHIIIT 4 CeMiHapi 32 TEMOIO JIUCIUILITIHA 20
OdopmiteHHsI HAOYHOTO CTEHA 3a 1HIUBIyaJIbHOK TEMOIO 20
HImpagna wacmuna
[Tponyck ogHOTO 3aHATTS 0€3 MOBaKHOT NPUUUHHI -5
HecBoeuacHuit 3aXucT 3BITY 3 JJaOOpaTOpHOi poOOTH -5
[MIIACYMKOBA CEMECTPOBA OIIIHKA 100




34A09HA ®OPMA

Buja nHaBuansHOi poOoTH Kinekicts
OamniB
MAKCUMYM
Konmponvua poboma 3 oucyunninu 60
(610n0B8IOHO 00 OMPUMAHO20 3AB0AHHS)
3anik 40
Pazom 100
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13 IHOOPMAIIIMHI PECYPCH

1. Evolutionary Complexity Research Group (EPlex). URL.: http://eplex.cs.ucf.edu/
(date of the request: 15.08.2020).

2. DOnexTpoHHbIM xkypHan «HeueTkue cucrembl U Msrkue BhluucieHus». URL:
http://fuzzy.tversu.ru/ (nata oopamenus: 15.08.2020).
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14 IIEPEJIIK HOPMATUBHUX TOKYMEHTIB

Kogexc akanemiunoi 1o0podecHOCTI YepKachKOro AepKaBHOTO TEXHOJOTIYHOTO
yHiBepcuTeTy (31 3miHamu 23.12.2019), 3aTBepmkenuil pimmeHdasM BueHoi paam
YATY, mporoxon Ne 7 Bix 23.12.2019 p.

[TomoskeHHsT TPO TMEpeBIpKYy akKaJeMIYHUX 1 HAyKOBMX poOIT Ha IUIariar,
3arBepikeHe pimenasaM Buenoi pagu YATY, nporokon Ne 5 Big 18.11.2019 p.
[TonoskeHHs1 PO OpraHi3alilo OCBITHBOTO Mpoliecy B YepKacbkoMy JepKaBHOMY
TEXHOJIOTIYHOMY YHIBEPCHUTETI, 3aTBepjiukeHe pimeHHsM Buenoi pagu YATY,
npotokos Ne 7 Bixg 18.12.2017 p., 31 3MiHaMH Ta JIONMTIOBHEHHSIMU, BHECEHHUMH
Buenoro pagoro UIATY, nmporokon Ne 8 Big 15.04.2019 p.

[Tono>keHHsT TpPO OpraHizalil0 KOHTPOIIO Ta OLIHIOBaHHS SIKOCTI HaBYaHHS
CTYJEHTIB, 3aTBepakeHe pimeHHsM Buenoi pagu YATY, nportokon Ne 2 Bix
17.09.2012 p.

[Topsimok MpOBENCHHS CEMECTPOBOTO KOHTPOJIO Ta aTecTailii 3100yBayiB BUIIO]
OCBITH 3 BUKOPUCTaHHSIM TEXHOJIOT1M JTUCTAaHLIMHOrO HaB4YaHHS B UepkacbKoMy
JIEP’)KAaBHOMY TEXHOJIOTIYHOMY YHIBEPCUTETI, 3aTBEPIKEHUN pllieHHsM BueHoi
pamu YATY, mpotokon Ne 13 Big 18.05.2020 p.

JACTY 3008:2015. 3Bitn y cdepi Hayku 1 TexHikd. CTpyKTypa Ta MpaBHIIa
opopmmtoBanns / Har. Cranmapt Ykpainu. Bua. odin. [Ha 3aminy JJCTY 3008-
95; uunnmii Bix 2017-07-01]. Kuis : AIT «YxkpHIHL», 2016. 31 c¢. (Indopmarris
Ta JTOKYMCHTAITis).

JACTY 8302:2015. bidmiorpadiune nocuinanHs. 3araibHi MOJI0KEHHS Ta TpaBHIIa
cknaganus / Han. Crannapt Ykpainu. Bun. odin. [YBeaeHo Brnepiie; YUHHUN Bi
2016-07-01]. Kwuis : ANl «YxpHAHL», 2016. 17 c. (Iadopmaris Ta
JOKyMEHTAMis1). 3 BHECEHUMU MPaBKaAMHU.

15 HOJITUKA JUCLHUIIVITHHU

JIns yCIHIIIHOTO BUBYEHHS JUCHUILIIHM Ta MPOXO/KEHHS KOHTPOJBHHUX 3aXOJIiB

3100yBadi BUINOI OCBITH 3000B’sI3aHi:

HE 3aI13HI0BAaTUCS HA 3aHSTTS;

HE NPOITyCKaTH 3aHATTS (y pa3l XBOpOOM HaIATH JOBIAKY abo ii KCEpOKOIII0);
CBOEYACHO 1 CAMOCTIMTHO BUKOHYBATH BCl Mepen0adeHi nporpaMoro 3aBAaHHs 10
71a00paTOPHUX POOIT;

OpaTy OYHY y4acTh y KOHTPOJIbHUX 3aX0/1aX;

OBOJIOJIITH HaBYAJIBHUM MaTepiajioM JJIsi CaMOCTIMHOTO BUBYEHHS 3 JTUCIMIUTIHU
y BUIbHUH B1J] 000B’SI3KOBUX 3aHSATH Yac;
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— TMIATPUMYBATH 3BOPOTHIN 3B’A30K 3 BHUKJIQJauyeM Ha BCIX €Tanax BUBYCHHS
JACIUATUIIHH;
— JTOTPUMYBATHCS MPUHITUIIIB aKaJeMIgHOT TOOPOYECHOCTI.



